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[bookmark: _GoBack]The Technology Acceptance Model (TAM) is widely regarded as a theory for understanding and adopting technology. The theory highlights perceived usefulness as its central construct to determine behavioral intent leading to utilization. Artificial Intelligence (AI) has been used to access and manage health information over the recent years; however, evidence regarding employees’ engagement with AI in school settings have remained limited. Structured on the Technology Acceptance Model (TAM), this descriptive-correlational study determined the perceived usefulness, acceptance, and utilization of AI for health information among 226 employees of a private school in Iloilo. The findings showed perceived usefulness (x = 3.71), particularly for work productivity (x = 3.82). Acceptance was (x = 3.30), strong for updated health trends (x = 3.43).  In addition, utilization was (x = 2.97), higher for understanding health trends (x = 3.40) and general information seeking (x = 3.26), but lower for symptom interpretation (x = 2.89), health decisions (x = 2.75), and AI verification over professionals (x = 2.53). Correlation analysis determined that acceptance had stronger relationship with utilization compared to perceived usefulness, this implies that trust and willingness influences actual use more than recognizing benefits. Findings highlight cautious, selective AI engagement for health information.
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1. INTRODUCTION




With the rapid advancement of Artificial Intelligence (AI), accessing health information has become increasingly widespread for the general public, which poses the risk of being misled by misinformation and unreliable medical advice (Shekar et al., 2024). AI has become revolutionary in healthcare practice, appearing in various forms, from chatbots to predictive analytics. It is recognized globally for expanding medical professionals' skills and knowledge (World Health Organization, 2023). However, it brings significant risks to users, as this technology is unpredictable and may provide unreliable medical information, as well as privacy and ethical issues (Draelos et al., 2025; Ho et al., 2025; Ohu et al., 2025). This raises professional and ethical considerations, especially for health sectors. 
The Technology Acceptance Model (TAM) is widely regarded as a theory for understanding and adopting technology. The theory highlights perceived usefulness as its central construct to determine behavioral intent leading to utilization (Davis, 1989). In the context of health information, the employee’s intent to use AI depends on their perception of whether it is beneficial for their healthcare needs and practice (Kwak et al., 2022). Similarly, the integration of AI is highly among those who believe it leads to better performance. This is observed among those termed consumers of AI (Oyman et al., 2021). However, the success of this advancement remains hampered by significant challenges, such as trust, anxiety, and unclear guidelines, ultimately affecting individuals' willingness to use AI (Cho & Seo, 2024).
Perceived usefulness is identified as the main predictor of readiness, suggesting that individuals tend to adopt AI based on its perceived concrete benefits for their profession or lifestyle. However, doubts towards its reliability and ethical application heavily affect its acceptance among the population (Labrague et al., 2023). Following this, from a local perspective, despite the interest shown by school personnel in AI, limitations remain in institutional support, technological literacy, and ethical considerations. This is also true in a global context, where the success of AI integration in healthcare education depends on trust, literacy, and direction (You & Gui, 2021). 
The utilization of AI for health information aligns with the Sustainable Development Goal (SDG) 3: Good Health and Well-Being and (SDG) 4: Quality education through promoting healthy practices, digital literacy, and developing enhanced access to reliable health information. Therefore, establishing coordinated AI literacy courses that are supervised by ethical and professional standards is optimal to ensure the responsible and effective use of AI in health information. 
Although there is a rise in interest in AI worldwide, there is a need for further research on how faculty and staff in a private school in Iloilo City perceived the usefulness, acceptance, and utilization of AI for health information. While prior studies focused on students' readiness, there is a lack of studies emphasizing the faculty and staff who have consumed health information from AI tools. As a result, it is unresolved whether perceived usefulness and acceptance among this population is related to the utilization of AI tools for health information.
This study addressed both theoretical and practical gaps in the field. Theoretically, the observed localized data contribute to expanding knowledge of AI's usefulness, acceptance, and utilization in health information. This study applied the Technology Acceptance Model (TAM) to examine the integration of AI within the school setting.
The findings may assist administrators in developing policies and learning programs in developing AI systems that accommodate their needs, refine the accuracy of health information, and avoid reliance and misuse. This research was novel because it was focused on the faculty and staff of a private school in Iloilo City. This will provide meaningful observations for school administrators to promote responsible and effective use of AI. Accordingly, this study seeks to determine the perceived usefulness, acceptance, and utilization of artificial intelligence for health information among faculty and staff in a private school in Iloilo City.
2. LITERATURE REVIEW
Artificial Intelligence (AI) simulates human intelligence to enhance education and healthcare via tools like chatbots, though resistance, unreliable data, and skill gaps hinder integration (Feng, 2019; Zhai et al., 2024). Healthcare information from clinical records to AI-accessible data bolsters decision-making but sparks accuracy and misuse concerns (WHO, 2021; Clark & Bailey, 2024). Readiness for AI adoption in institutions sums individual willingness, shaped by infrastructure, ethics, and perceptions; without structured needs assessment, it fails (Alami et al., 2021). Perceptions and attitudes drive utilization: viewing AI as useful builds trust, while misinformation fears deter it, particularly in the Philippines amid literacy and accessibility barriers despite optimism (Esmaeilzadeh, 2020; Desk, 2025). AI health literacy the skill to evaluate AI-generated health data fosters safe employee use, reducing skepticism and boosting workplace decisions, though Philippine efforts lag (WHO, 2023; Tolabing et al., 2022).
Perceived usefulness, per TAM, is the belief   AI   enhances   performance, like faster health info access for school personnel (Davis, 1989). Globally, it stems from efficiency and outcomes; locally in Iloilo, teleconsultation studies link it to reliability and intent (Gajitos, 2024; Labrague   et   al.,   2023).   Acceptance follows, relying on professional alignment and literacy; UNESCO frameworks urge ethical navigation, but Philippine contexts cite   policy   and   ethical hurdles (Romero-Rodriguez et al., 2023; Asio et al., 2025). Utilization surges with AI's conversational prowess (e.g., ChatGPT for symptoms), tied to trust; Filipinos grow familiar but skeptical, preferring hybrids with pros (Pascual et al., 2025; Yun & Bickmore, 2024).

3. THEORETICAL UNDERPINNING

The study was anchored in the Technology Acceptance Model by Davis (1989), which predicts the adoption of technology into practice. The model was composed of two constructs: Perceived Usefulness and Perceived Ease of Use. While the original TAM Model includes Perceived Ease of Use as a determinant of behavioral intention, this study emphasizes Perceived Usefulness and Acceptance in assessing AI Utilization in health information. In this study, the Attitudinal and behavioral intention components of TAM are reflected in Acceptance, while utilization correlates with the actual use of the system. Perceived Ease of Use is excluded in the present study, as the study focuses on the belief and willingness of the employees to adopt AI rather than on the technical usability of the tool. This approach is consistent with prior studies that have modified the Technology Acceptance Model to adopt a specific research context. 
For this study, the constructs are as follows: Perceived Usefulness and Acceptance serve as the independent variables (IV). In contrast, Utilization of AI for health information serves as the dependent variable (DV). Perceived Usefulness refers to school personnel’s belief in the use of AI to help them seek and manage health information. Perceived Usefulness is the primary predictor of acceptance and utilization of AI for health information. Acceptance refers to the school personnel's willingness and attitude towards using AI. Influences the probability that they will adopt AI. Utilization of AI refers to the actual use or application of AI by the school personnel to seek health information; it is influenced by both Perceived Usefulness and Acceptance. In this study, perceived usefulness and acceptance serve as determinants of the Utilization of AI in health information among school personnel.

4. OBJECTIVES OF THE STUDY

This study was conducted to determine the perceived usefulness, acceptance, and utilization of artificial intelligence for health information among faculty and staff in a private school in Iloilo City during Academic Year 2025-2026.

5. METHODOLOGY

5.1 Research Design

The study’s design was a descriptive-correlational quantitative study. Such design was appropriate in circumstances where the goal was to describe the characteristics of a population and determine the relationships among variables without respective influence (Creswell & Creswell, 2023). For the context of the study, the design described the level of usefulness, acceptance, and utilization of Artificial Intelligence (AI) for health information among employees of a selected private school, as well as determined the presence of significant relationships among these variables.

5.2 Instrument

The study utilized a multi-part questionnaire blending adopted and researcher-made sections to assess faculty and staff perceptions of AI usefulness, acceptance, and utilization for health information. Part I captured demographic profiles (age, sex, department, position, years of service) to explore influencing factors. Part II, adopted from Zulherman et al.'s (2025) validated AI Technology Acceptance Instrument for educators, featured 4 Likert-scale items (5=Strongly Agree to 1=Strongly Disagree) targeting AI's efficiency, performance enhancement, and health info access, with prior studies confirming its robustness (Guo et al., 2024; Reina-Parrado et al., 2025).
Parts III (9 items on acceptance/intention) and IV (15 items on utilization frequency, trust, and decision-making roles) were researcher-made, drawing from literature on TAM constructs like attitudes and behavioral intent. Both underwent content validation by nursing educators, a research specialist, and informatics experts using Oducado's (2020) scale, achieving CVI ≥0.80 and ratings ≥3.5/4.0 after revisions for clarity, relevance, and cultural fit.
Pilot testing on 30 similar non-participants established reliability via Cronbach's alpha: 0.816 for Perceived Usefulness (Part II), exceeding the 0.70 threshold for strong internal consistency (Tavakol & Dennick, 2011). All sections employed consistent 5-point Likert scales, ensuring methodological rigor and alignment with nursing research standards for credible, comparable data on AI adoption.

5.3 Participants
The participants of this study were employees (teaching and non-teaching staff) of a selected private school in Molo, Iloilo City, during Academic Year 2025–2026. Using probability-stratified random sampling, a total of 226 employees were selected from a population of 544. They were chosen as respondents because of their diverse educational backgrounds and professional experiences, making them the most appropriate group to provide meaningful insights into the perceived usefulness, acceptance, and utilization of Artificial Intelligence (AI) for health information.
5.4 Research Setting 
This research study was conducted at a private school in Molo, Iloilo City, a classified urban area. This institution was appropriate for the study setting, as it had employees with different educational backgrounds and professional experience, as it currently employs approximately 544 faculty and staff members. This diversity enabled the researchers to gather extensive and varied perspectives that enhanced the study’s goal to improve understanding of the perceived usefulness, acceptance, and utilization of AI for health information. 

5.5 Data Gathering Procedure

Following the necessary approvals and ethical clearance, data were gathered using validated standardized questionnaires. Consent forms were distributed and signed by participants who voluntarily agreed to take part in the study. During the administration of the instruments, the researchers assisted respondents, provided clarifications when needed, and ensured privacy while allowing sufficient time for completion.

5.6 Data Analysis

The data collected were organized and encoded in MS Excel. Descriptive statistics, specifically Mean, Frequency and Percentage, were employed to determine the levels of the perceived usefulness, acceptance, and utilization of AI for health information among employees in a private school. For inferential analysis, the Kolmogorov-Smirnov Test was applied to assess normality. Since the variables did not meet the assumption of normality, Spearman’s Rho correlation was used to determine the relationship between the level of perceived usefulness, level of acceptance, and the extent of AI utilization at a 0.05 level of significance.

6. RESULTS AND DISCUSSION

6.1 Quantitative Interpretation of the Results

6.1.1 Profile of the Respondents

There were 226 employees in a private school who participated in the study. The employees have ages from 20 years old to 73 years old (x̄ = 39.40) with years of experience from 6 months to 37 years (x̄ = 72.5 months or 6 years). Most of the participants are female (75%), faculty (71%) and from the College of Nursing (29%). The data are presented in Table 1.

6.1.2 Level of Perceived Usefulness of AI Tools for Health Information among Employees in a Private School in Iloilo City 

Table 2 presents the distribution of respondents according to indicators related to perceived usefulness of AI. The mean responses from each indicator were used to assess employees’ perceptions of AI use in the workplace. The findings revealed a positive perception and usefulness of AI with a mean score of 3.71 out of 5.
Higher mean scores were observed in aspects related to improved work productivity (x̄ = 3.82) and enhanced job performance (x̄ = 3.70), indicating that AI technology was perceived as beneficial in supporting employees’ work efficiency and effectiveness. The overall mean score was x̄ = 3.71 further reflects that employee recognized its value in supporting work-related tasks. These results suggest that AI is regarded as a supportive resource within organizational settings, particularly in relation to productivity-related outcomes. 
These findings support the Technology Acceptance Model of Davis (1989), which emphasizes that perceived usefulness significantly influences technology adoption. Similarly, studies have shown that AI tools are recognized for enhancing productivity, improving access to information, and supporting workplace performance across various sectors (Dwivedi et al., 2021; Romero-Rodríguez et al., 2023). Furthermore, organizational readiness studies indicate that institutions that recognize AI’s functional benefits are more likely to integrate such technologies into routine work processes (Motulsky et al., 2021). These results suggest that AI is regarded as a supportive resource within organizational settings, particularly in relation to productivity-related outcomes. In comparison, the efficiency of AI application in work activities obtained a mean score of 3.61, implying that while AI is viewed as beneficial, certain challenges may still be encountered in its practical implementation across various work contexts. Recent studies found that employees who perceived AI systems as beneficial in improving efficiency and access to information reported higher perceived usefulness scores (Nemukula & Jegede, 2025). Likewise, AI applications in organizational contexts are generally viewed as helpful in improving decision-making and work productivity, although full integration depends on trust and familiarity (Dwivedi et al., 2021). This is further supported by findings that barriers such as limited digital health literacy and organizational preparedness may influence how effectively AI tools are utilized in real-world settings (Htay et al., 2022; WHO, 2023).

6.1.3 Acceptance of AI Tools for Health Information Among Employees In a Private School in Iloilo City

The distribution of respondents according to indicators related to the level of acceptance of AI tools for health information is presented in Table 3. The mean scores for each indicator were utilized to evaluate employees’ acceptance of AI in accessing and using health-related information. The findings revealed a positive level of acceptance of AI tools for health information, with an overall mean score of 3.30 out of 5. Mean scores were greater for accessing updated health information (x̄ = 3.43) and improving work efficiency (x̄ = 3.41), indicating that AI tools were seen as helpful sources of current health information and as tools that support faster and less demanding work processes. These findings align with studies showing that AI-powered tools such as chatbots enhance access to timely health information and facilitate user engagement (Clark & Bailey, 2024; Ho et al., 2025). Acceptance was also reflected in employees’ intention to continue using AI as health information systems further develop (x̄ = 3.30), suggesting an encouraging perspective toward the future role of AI in health information access. Similar patterns have been observed among faculty and staff, where positive attitudes toward AI influence intention to use emerging technologies (Asio et al., 2025; Cho & Seo, 2024). In contrast, the frequency and habitual use of AI for health information, particularly daily usage and routine reliance on AI tools (x̄ = 2.95), obtained a comparatively smaller mean score. This indicates that although AI tools are accepted, there is still some hesitation in fully incorporating them into daily practices. Such cautious acceptance may reflect uncertainty regarding information reliability, trustworthiness, or personal confidence in AI-generated health information. Individuals tend to hesitate in fully relying on AI for medical and healthcare-related information compared to human professionals (Longoni et al., 2019). Moreover, studies indicate that AI systems may sometimes provide inaccurate or unsafe medical responses, which can contribute to user hesitation and cautious adoption (Draelos et al., 2025). These results suggest a cautious pattern of acceptance in which employees recognize the potential benefits of AI but remain selective in its consistent use, as uncertainties and trust-related concerns may constrain broader adoption (Shevtsova et al., 2024).
6.1.4 Extent of Utilization of AI Tool For Obtaining Health Information

Table 4 presents the distribution of respondents according to indicators related to the extent of utilization of AI tools for obtaining health information. The mean scores for each indicator were used to determine how employees apply AI tools for health-related purposes. The findings revealed an overall mean score of 2.97 out of 5, indicating the extent to which AI tools are utilized among employees. Higher mean scores were observed in aspects related to the use of AI for understanding current health trends (x̄ = 3.40) and for general health information seeking (x̄ = 3.26), suggesting that AI tools are more commonly utilized for informational and exploratory purposes rather than for direct health decision-making. This is consistent with studies indicating that AI-powered tools, particularly chatbots, are primarily used for information-seeking and patient education rather than clinical decision-making (You & Gui, 2021; Pascual, 2025). Continued intention to use AI in seeking health information was also noted (x̄ = 3.22), indicating openness toward future use as AI technologies continue to develop. Meanwhile, lower mean ratings were evident in areas involving regular reliance on AI for personal health management, including monitoring health updates (x̄ = 2.89), interpreting symptoms (x̄ = 2.89), and making health-related decisions (x̄ = 2.75). Limited confidence in interpreting AI-generated health advice (x̄ = 2.72) and reliance on AI recommendations (x̄ = 2.53) were also observed, indicating selective use of AI when health-related risks are perceived to be greater. Similar patterns have been reported in previous studies, stating that confidence in AI remains limited and that it is often viewed as a supplementary source of information rather than a primary basis for decision-making (Htay et al., 2022; Esmaeilzadeh, 2020). Additionally, concerns regarding ethical implications and risk management in AI-driven healthcare tools may further influence cautious utilization (Ohu et al., 2025). These findings suggest that while AI tools are accessible, their use remains selective and dependent on perceived reliability and user confidence.







6.1.5 Relationship Between Level of Perceived Usefulness, Acceptance, and Extent of AI Utilization among Employees

To assess data normality, the Kolmogorov-Smirnov test was conducted. With this, results have shown that Perceived Usefulness (P < .001), Acceptance (P < .001), and Utilization (P = .015) which significantly deviated from the normal distribution. Hence, normality was not followed due to the p-values being less than the .05 level of significance. Since p-values were less than .05 (P = .05), non-parametric analysis using Spearman’s rho was applied. To assess relationships between variables, Spearman's rho test was conducted. Results revealed significant correlations between perceived usefulness and AI utilization (r = .207, P = .002) and between AI acceptance and AI utilization (r = .540, P < .001) among private school employees. These p-values (less than the .05 alpha level) led to rejection of the null hypothesis, supporting the alternative hypothesis of significant relationships among the tested variables (see Table 5). Among these relationships, AI acceptance and utilization showed the strongest moderate positive correlation (r = .540), while perceived usefulness exhibited only a weak positive correlation (r = .207). These findings are consistent with the Technology Acceptance Model, which posits that both perceived usefulness and user attitudes significantly influence actual system use (Davis, 1989). Supporting studies indicate that acceptance attitudes and trust are stronger predictors of AI utilization compared to perceived usefulness alone (Shevtsova et al., 2024; Huang & Rust, 2021). Additionally, recent validation studies of AI acceptance instruments confirm that behavioral intention and acceptance attitudes are key drivers of actual technology usage (Zulherman et al., 2025; Guo et al., 2024). These findings suggest that while employees may recognize the usefulness of AI, actual utilization is more strongly influenced by their level of acceptance, trust, and confidence in using the technology.
Despite being conducted in a single private school in Iloilo City, which limits generalizability, this study provides insights into employees’ perceptions, acceptance, and utilization of AI for health information. The cautious and selective use of AI suggests that employees weigh benefits against uncertainties related to trust, reliability, and confidence in AI-generated advice. These findings align with research emphasizing the role of digital health literacy and cognitive or emotional trust in technology adoption (Shevtsova, 2024; Huang & Rust, 2021). It also, reflects broader organizational factors, such as staff readiness, institutional support, and the perception of AI as a supplementary source of health information. While the cross-sectional design and self-reported data limit causal inference, the results highlight the importance of structured AI literacy programs, trust-building initiatives, and clear institutional guidelines. They may also guide similar institutions in adopting AI responsibly, offering practical guidance and informing future research and policy development.
Table 1.
Profile of the Respondents (n = 226)

	
	n
	%

	Age          30 years old and below      
	77
	34.0

	                 31-42 years old                 
	70
	31.0

	                 43 years old and above       
	79
	35.0

	                 Mean Age = 39.40
	
	

	Sex
	 
	

	                 Male
	56
	25.0

	                 Female
	170
	75.0

	Department
	 
	

	                 College of Arts and Sciences
	22
	9.7

	                 College of Business and Technology
	6
	2.7

	                 College of Criminal Justice
	6
	2.7

	                 College of Dentistry
	20
	8.8

	                 College of Medical Laboratory Sciences
	6
	2.7

	                 College of Midwifery
	6
	2.7

	                 College of Nursing
	66
	29

	                 College of Physical Therapy
	5
	2.2

	                 College of Radiologic Technology
	9
	4.0

	                 NSTP Department
	1
	0.4

	                 TVET
	2
	0.9

	                 Basic Education Department
	25
	11

	                 Auxiliary Services
	4
	1.8

	                 Business Office
	7
	3.1

	                 General Laboratory
	4
	1.8

	                 Guidance Services
	5
	2.2

	                 Human Resource Development Office
	1
	0.4

	                 Library Services
	6
	2.7

	                 MIS
	2
	0.9

	                 Admission
	1
	0.4

	                 Academic Affairs
	2
	0.9

	                 Quality Assurance and IPD
	1
	0.4

	                 Registrar
	6
	2.7

	                 Repair and Maintenance
	6
	2.7

	                 Clinic
	3
	1.3

	Position
	 
	 

	                 Faculty
	161
	71.0

	                 Staff
	65
	29.0

	Year of Experience 	
	 
	 

	                 6 mo. – 24 mo. (2yr.)                                  
	76
	33.6

	                 25 mo. (2 yr. & 1 mo.) – 72 mo. (6 yr.)    
	77
	34.1

	                 73 mo. (6yr. & 1mo.) – above                   
	73
	32.3

	                 Mean Years of Experience = 72.5 months (6 years)
	
	



Table 2. 
Level of Perceived Usefulness of AI Tools for health information among Employees in a Private School (n = 226)

	
	Mean

	The use of AI technology significantly enhances work productivity.
	3.82

	The use of AI technology can enhance my job performance. 
	3.70

	I benefit from the use of AI technology. 
	3.70

	The use of AI technology is highly efficient in my work.
	3.61

	Overall
	3.71



Table 3.
Level of Acceptance of AI Tools for health information Among Employees in a Private School in Iloilo (n = 226)

	
	Mean

	I believe AI can provide me with the latest trend in health information. 
	3.43

	I use AI because it makes my work less and faster. 
	3.41

	I plan on using AI as it continues to improve the health information system.
	3.30

	I believe using Al can deliver more positive benefits for health information. 
	3.26

	I will continue using AI to gain health information. 
	3.25

	I use AI for the purpose of updating health information.
	3.24

	I make it a habit to use Al when seeking health-related information.
	3.05

	I use AI daily to check for current/latest health information. 
	2.95

	Overall
	3.30




Table 4.
Extent of Utilization of AI Tools For Obtaining health information (n = 226)

	
	Mean

	I use Al to understand the latest health trends better.
	3.40

	I use AI to gather health information.
	3.26

	I intend to continue using AI in seeking health information in the future.
	3.22

	I use AI to answer the questions my family has about their health concerns or status.
	3.12

	I use AI to get information about my health problems.
	3.07

	I use AI to consult and understand medications and treatments.
	3.06

	I have increased my use of AI for health information over the past years.
	3.06

	I actively seek out AI tools when I have a concern regarding my health.
	2.94

	I use Al to monitor my regular health updates (e.g., exercise, diet, sleep).
	2.89

	I use AI to check my signs and symptoms that I experience to get a possible diagnosis.
	2.89

	I will recommend AI for seeking health information to my colleagues, peers, and family. 
	2.87

	I trust AI tools for my health concerns to the point that I use them regularly.
	2.81

	I rely on the suggestion of AI when making decisions regarding my health.
	2.75

	I feel confident in interpreting AI formulated health advice.
	2.72

	I verify health information from AI rather than from healthcare professionals.
	2.53

	Overall
	2.97


[bookmark: _Hlk225524847]Table 5.
Relationship Between Level of Perceived Usefulness and Extent of AI Utilization among Employees (n = 226)

	
	
	Utilization

	Perceived Usefulness
	Correlation Coefficient 
	r = .207

	
	Sig. (2-tailed)
	P = .002

	Acceptance
	Correlation Coefficient
	r = .540

	
	Sig. (2-tailed)
	P = < .001


*Correlation is significant at the .01 level (2-tailed)

[bookmark: _Hlk225526661]7. CONCLUSION
The study concludes that employees, across different demographic backgrounds, generally perceive AI tools as beneficial for accessing health information and enhancing work productivity, efficiency, and job performance, although their full potential in daily work activities has not yet been fully optimized. Employees demonstrate a favorable level of acceptance toward AI, recognizing its ability to provide accessible and updated health information and expressing willingness to continue its use as systems evolve; however, actual utilization remains inconsistent and not yet habitual. The use of AI tools is selective and purposeful, with employees primarily relying on them for general health information and basic understanding of health concerns, while showing caution in using AI for diagnosis, medical decision-making, and interpretation of professional advice. Moreover, the study establishes that both perceived usefulness and acceptance significantly influence the extent of AI utilization, with acceptance showing a stronger impact, indicating that employees’ willingness and readiness to adopt AI play a more critical role in determining their actual use of AI tools for health information.

8. RECOMMENDATION
For Faculty and Staff, AI is an acceptable tool for accessing health information, particularly in improving productivity and obtaining updated data. Their openness to technological advancement reflects adaptability in a digitally evolving environment. However, lower levels were observed in the regular and confident utilization of AI, particularly in daily use, reliance on AI recommendations in health-related decision-making, confidence in interpreting AI-generated advice, and preference for verifying information through healthcare professionals rather than AI systems. Therefore, we recommend that faculty and staff participate in structured digital health literacy programs and capacity-building workshops focusing on critical evaluation of AI-generated information, ethical use of AI tools, and responsible integration into health-related practices. Strengthening competence and trust through guided exposure and training may enhance confidence while maintaining AI as a supplementary, not replacement, source of professional healthcare guidance.
For Administrators, we express appreciation for their leadership in promoting a work environment that supports technological awareness and informed health practices. Their role is essential in establishing policies that guide responsible AI integration. While AI is generally perceived as beneficial and acceptable, findings indicate cautious and selective utilization, particularly in areas requiring higher levels of confidence and trust in AI-generated health information. Therefore, we recommend that administrators develop clear institutional guidelines outlining the proper scope, ethical boundaries, and validation processes for AI use in health information. Implementing continuing professional development initiatives centered on AI literacy, information verification, and digital competence may help reduce hesitation and strengthen responsible utilization. Establishing access to credible AI platforms and reinforcing standards for cross-checking information with reliable medical sources can further build institutional trust and promote balanced AI adoption.
For Future Researchers, we recognize their important contribution in expanding knowledge on AI acceptance and utilization in health information contexts. This study highlights meaningful relationships between perceptions and actual use; however, lower engagement in habitual use, reliance, and interpretive confidence suggests the presence of underlying factors such as trust, perceived risk, and digital health literacy. Therefore, we recommend that future researchers explore these influencing variables more deeply through qualitative, experimental, or longitudinal studies. Intervention-based research examining the impact of AI literacy training and trust-building strategies on utilization patterns may provide stronger evidence for improving responsible AI integration. Expanding research across different institutions and demographic groups may also enhance the generalizability and contextual understanding of AI adoption in health information settings.
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